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Abstract

This research proposed a new methodology for binary
classification based on classification base building which is based on
Fisher linear discriminant analysis and the support vector machine.
The main objective is to get rid of the conditions imposed on
differentiation analysis and make use of linear discriminant function to
draw the features from the Original variables group and consider it as
an initial base of support vector machine.

The new method was applied to randomly generated data
classification and real data types for diabetes (type 1 and type 2). A
base of classification was built to be used in predicting if someone
could be injured in the future with diabetes type 1 or type 2. The
hybrid method in both applications was rated true by 100%.
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